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Abstract

Students often start a course with high expectations and an ambitious plan of action.

Some instructors use goal-inducing non-binding commitment pledges to nudge students

to follow through on their intended course of action. Using a field experiment, we asked

treated students to set a goal grade, identify the actions they will take to achieve it,

and sign a commitment pledge to work towards this grade. We find that while treated

students pledged a greater time commitment and targeted a higher grade, their overall

test scores decrease by 0.23 standard deviations and they were 15 percentage points

less likely to pass the course.
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1 Introduction

Students often enter a course with high hopes of success and an ambitious plan of action.

However, all too often, these expectations are not met, and academic performance and ef-

fort can fall far short. Low academic performance can have a significantly negative effect

on engagement and psychological well-being (Wrosch et al., 2003), self-regulated learning

(Stone, 2000), subsequent performance (Rask, 2010), university dropout rates (Stinebrick-

ner and Stinebrickner, 2014), and long-term goal attainment (Ordóñez et al., 2009; Nowell

and Alston, 2007). To combat these effects, policymakers have implemented costly interven-

tions, such as merit-based financial aid and scholarships (Andrews et al., 2020; Page et al.,

2019; Clotfelter et al., 2018), individualized student coaching (Bettinger and Baker, 2014),

performance standard policies (Wright, 2020; Lindo et al., 2010), and tutoring (Hardt et al.,

2023; Fryer Jr, 2017; Cook et al., 2014). This paper examines the effect of a more economical

alternative: having students state a target grade, identify the effort to achieve it, and then

sign a non-binding commitment pledge to work towards it. Research on the causal impact

of such academic pledges on student performance is surprisingly limited considering their

widespread use in education.

In this paper, we investigate the combined impact of goal setting and a non-binding com-

mitment pledge on student performance in an introductory economics course. We conduct

a field experiment in which students are randomly assigned to either a treatment or con-

trol group. The control group students disclose their expected grade from the course. The

treatment group, however, not only disclose their expected grade but also set goals by re-

vealing their preferred grade, identify the effort needed to achieve it, and sign a non-binding

commitment pledge to the instructor to signify their dedication to working towards their pre-

ferred grade. We then analyze the effects of this intervention on student performance on two

midterm exams, assignment submission and scores, final exam, and their final course grade.

While our focus is on academic performance, it is worth noting that such soft commitment

devices, as defined in Bryan et al. (2010), are prevalent across academic institutions, where
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students make pledges related to various aspects, ranging from class attendance to timely

assignment submissions, and from plagiarism to upholding integrity and ethics.

Research in the field of education has consistently shown the positive effects of goal-setting

on student performance. By setting reference points, goal-setting can motivate hyperbolic

discounters or loss-averse students to put in higher effort to meet the set objectives (Koch

and Nafziger, 2016, 2011). These sudies have demonstrated that goal-setting can have a

positive impact on performance in various settings. For instance, setting goals based on

accomplishment in an entire course have been shown to improve student performance (van

Lent and Souverijn, 2020; Koch and Nafziger, 2020; Schippers et al., 2015; Morisano et al.,

2010), and setting goals based on an individual task in the course have a similar effect

(Clark et al., 2020). However, more recent studies have shown that combining goal-setting

with text message reminders has no effect and that setting goals too high may even harm

student performance (Oreopoulos et al., 2022; Dobronyi et al., 2019; van Lent and Souverijn,

2020).1 Overall, research on goal-setting in the field of education has produced mixed results,

and further exploration is still necessary.

Similarly, non-binding commitment pledges have been studied in several contexts includ-

ing loan repayment, tax declaration, sex abstinence, volunteerism, and charity contribution

or in-kind donations (Bearman and Brückner, 2001; Kettle et al., 2017; Bhanot, 2017; An-

dreoni and Serra-Garcia, 2021a; Capra et al., 2022; Cotterill et al., 2013; Meyer and Tripodi,

2021). Most studies have found that such commitment pledges have a positive or null impact

on these outcomes. Positive impacts are attributed to the pledger’s preference to keep their

promise (Vanberg, 2008) or to their guilt-averse attitude (Charness and Dufwenberg, 2006),

while null effects are attributed to time-inconsistent preferences where the pledger later re-

neges on their non-binding promise (Laibson, 1997; Andreoni and Serra-Garcia, 2021b).2 In

1See Ordóñez et al. (2009) for a discussion of several scenarios that may cause goal-setting to have adverse
consequences in different decision making contexts.

2Reneging is a low-cost option for non-binding pledges. Studies show that pledgers renege on their
commitment to donate money to a charity, blood, or books to a library, work as a volunteer, and repay their
loans on time (Bhanot, 2017; Capra et al., 2022; Cotterill et al., 2013; Fosgaard and Soetevent, 2018; Meyer
and Tripodi, 2021).
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some cases, pledges can even have an unintended negative effect due to the frustration caused

by the pledger’s inability to honor their pledge (Sutan et al., 2018; Oppenheimer and Olivola,

2011).3 Although non-binding commitment pledges are widely used in education, there have

been relatively few studies examining their effect on student outcomes. While Himmler et al.

(2019) investigates the effects of a soft commitment device in education, wherein students

sign a nonbinding agreement and commit to staying on track for graduation, their design

does not include goal-setting. Their findings indicate that those offered the soft commitment

device were more likely to sign up for, participate in, and pass exams.

Theoretically, both goal-setting and commitment pledge are likely to help students over-

come their self-control problems, and may result in a stronger combined positive impact.

However, the education context is unique compared to other pledge settings, as students

have a lower degree of control over the fulfillment of their pledge. When a student promises

to achieve a particular course grade, for instance, their ability, prior achievement, effort, peer

network, family inputs, and coping strategies all contribute to the outcome, many of which

the student has limited or no control over (Hanushek, 2010). As such, when combined with

goal setting, a commitment pledge may lead to overconfident students locking themselves

into an ambitious goal they cannot achieve. While a student may renege on their non-binding

promise, the potential disappointment associated with not meeting their targeted outcome

may have adverse effects. Thus, it is important to understand the true causal impact of

goal-inducing non-binding commitment pledges on student performance.

Our results show that while the treated students pledged a greater time commitment and

a higher targeted grade, the intervention decreased their overall test score by 0.23 standard

deviations and reduced the likelihood of passing the course by 15 percentage points. We

further confirm these results using the randomization inference test, which shows that our

point estimates are very robust and unlikely to be obtained by chance. These findings are

similar to the results of Koch and Nafziger (2020) and van Lent and Souverijn (2020), which

3See Bryan et al. (2010) for a review of studies based on commitment devices.
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shows that the effect of goal-setting can be reversed when it is externally imposed by the

experimenter (even when the external interference is minimal) or the goal-setter is induced

to target a more ambitious goal. In our context, similar to van Lent and Souverijn (2020),

students are also induced to set a higher goal grade than they expected, which may partially

explain the negative effects we found.

A study that closely aligns with our design is Goldhaber et al. (2020), which evaluates

a non-binding commitment to excel in high school, be a responsible citizen, avoid felony

convictions, and apply for financial aid. Similar to our findings, their results indicate effects

that are either insignificant or negative. However, distinctions between their study and ours

are evident: our investigation involves a non-incentivized pledge, while theirs is incentivized

with potential financial rewards upon pledge fulfillment. Our study involves self-selected

individual goal while theirs is a state-declared goal applicable to every student. Moreover,

our study is an experimentally examined impact, contrasting with their intent-to-treat anal-

ysis. Other studies explore the impact of binding commitment pledges within goal-setting

environments. For example, Patterson (2018) examined the influence on performance in an

online course when students committed to limiting their daily internet time using software

to a self-selected threshold, beyond which all sites would be blocked. Their findings show

a positive effect for that intervention. On the contrary, Ariely and Wertenbroch (2002) al-

lowed students to self-impose deadlines for turning in their exam papers and found that

they committed to early deadlines (analogous to a higher preferred grade in our setting)

but performed worse than students on whom those deadlines were externally imposed and

evenly spaced (analogous to a lower likelihood of passing in our setting). In our study, how-

ever, we utilized a non-binding commitment device, which differs in nature from the binding

commitments used in Ariely and Wertenbroch (2002) and Patterson (2018).

Our work broadly contributes to three streams of literature. First, our research is part

of the growing literature in the behavioral economics of education, which uses low-cost in-

terventions to address the deficits in students non-cognitive skills. This literature has found
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that such interventions can effectively improve student performance and motivation.4 Sec-

ond, despite the prominent combined use of (soft) non-binding pledges within a goal-setting

context, our paper is the first to examine their causal impact on college students’ perfor-

mance. Lastly, we contribute to a growing strand of the economics literature which finds that

because of time-inconsistent preferences, commitment pledges may yield unintended effects.

More generally, the findings from our study may offer important insights about the use of

non-binding commitment pledges in other contexts where the pledger has lesser control over

the fulfillment of their promise.

2 The Experimental and Empirical Design

Our field experiment was conducted in an introductory economics course at a public univer-

sity in the Southwestern United States. This university is a medium-sized institution with a

total enrolment of about 15,000 students. To be eligible for admission, students must have

an SAT total of at least 1070 and an ACT composite score of 21 and above. Among the

Freshman Class of 2021, the mean SAT and ACT scores were 1141 and 23.4, respectively.

On average, the ability of the students in our sample is representative of the pool of admit-

ted students, with a mean SAT score of 1144.8 and a composite ACT score of 23.3.5 These

students are also quite motivated and ambitious, with 68% reporting that they were ranked

in the top 25% of their high school class. In addition, the typical student planned to devote

about 5.3 hours studying and completing assignments in the course each week.

4See Damgaard and Nielsen (2018) for a review of these works. Studies have used low or zero cost be-
havioral interventions to address sub-optimal performance problems. Such interventions include presenting
points on a test as points lost (vs. points gained) (McEvoy et al., 2016), providing relative performance infor-
mation feedback in a relative grading system (Kajitani et al., 2020) or an absolute grading system (Tran and
Zeckhauser, 2012), increasing the frequency of examinations (De Paola and Scoppa, 2011; Tuckman, 1998),
using text messages to provide simplified academic information, encouragement, or reminders (Oreopoulos
et al., 2022; Castleman and Meyer, 2020), or providing information about past performance in the course
(Wright and Arora, 2022). Research has shown that these interventions can effectively improve student
performance and motivation. However, there are also other low-cost behavioral interventions in education
that have been found to be ineffective (Krawczyk et al., 2011; Balart et al., 2022).

5These scores are just slightly above the mean SAT scores of 1051 to 1068 for the cohort of high school
students who took the exam between 2017 and 2020 (National Center for Education Statistics, 2021).
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About 40% of students drop, fail, or withdraw (DFW) from this introductory course

each semester. The high DFW rate is concerning because this is a general education course

that is taken by students across the university and a gateway course for several business

majors. One of the main factors contributing to this high DFW rate is that students likely

overestimate their expected performance in the course. This is because: (i) information

about the past distribution of grades is not publicly available, and open sources (e.g., Rate

My Professor) provide inaccurate information about this distribution, (ii) the students who

enroll may not be interested in economics or they may lack the necessary preparation and

subject-specific ability, and (iii) newer college students (Freshmen and Sophomores) are more

than two-thirds of enrolled students.6 Since students hold inaccurate expectations of their

academic performance, this is an interesting context to study the impact of commitment

pledges as it may induce students to exert more effort over the semester.

In this paper, we examine the impact of an experimental intervention that randomly

selects a group of students to sign an academic pledge to work towards their preferred grade

and identify the time they promise to invest to achieve the targeted grade. The experiment

was executed in 4 Principles of Macroeconomics sections that were offered by two male

instructors in Fall 2021.7 The students who agreed to participate in the study were required

to complete an online survey during the second week of classes - after students were no longer

able to add or drop courses without penalty. As such, irrespective of their treatment status,

all participating students were required to provide information about their socioeconomic

attributes, study habits, past academic outcomes, risk attitudes, and predicted grades for

6Independent of their cognitive ability, students are likely to underperform in general education courses.
Thompson et al. (2015) argue that because these courses are mandatory, they do not usually align with
students’ interests or future career aspirations, and as such, enrolled students may have lower subject-
specific ability relative to a course they self-selected. In addition, they found that most students would not
enroll in general education classes if given a choice. This is one potential explanation for the high DFW rate.

73 of the 4 classes were in-person, and 1 was delivered online. While there may be small variations, the
course policy is highly standardized across instructors. Across all courses, the grading components can be
summarized as follows: midterm exams (55-60%), final exam (30-35%), homework assignments (5%), and
attendance/participation (5%). Because of the sample size limitations, we are unable to assess if the mode
of delivery affects the estimates.
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the course. A copy of the survey is available in Online Appendix A.8

After completing the general baseline questions, students were then randomly assigned

to the treatment and control groups. For students assigned to the control group, the sur-

vey ended immediately and they continued the semester as they otherwise would. On the

other hand, the treated students were required to make a promise to their professor and

themselves that they will take several productive steps to achieve a target grade, one that

they then select. The targeted grade can be higher, lower, or the same as the grade they

predicted earlier in the survey. We then ask treated students to choose the percent of classes

they promise to attend, the weekly number of hours they promise to devote to quizzes or

homework assignments, and the weekly number of hours they promise to allocate to reading

for the course, in their quest to attain the pledged grade. As such, all treated students are

simultaneously making a pledge to target a certain level of effort (input) and a particular

outcome (output) in the course.9

2.1 Data and Randomization

The data we utilize in this study comes from two main sources: the baseline survey and

students’ official academic records. Table 1 shows that the average age of study participants

was 20.05, 63% were males, 21% were first-generation college-goers, and 69% were either

Freshmen or Sophomores. In addition, about 43% of students had a household income below

sixty thousand dollars, 66% of students were employed, and the typical student worked about

8While the spillover of information between treated and untreated students is possible, there are two
main reasons why this is unlikely in our study. First, since the survey was administered online, and there
were only minor differences in the survey seen by students in the treatment and control groups, there is less
opportunity for students to observe and share the differences in the survey they took. Second, while the
sample size is significantly reduced, we find similar results when we analyze the data by in-person and online
classes. This is important because there are fewer connections and less communication between students in
online classes.

9Regardless of their decision to participate in the study, all students were awarded an extra credit of less
than 1%, based on the proportion of students who completed the survey in each classroom. As such, opting
out of the survey reduces the extra credit that is awarded to all students in the class. Of the 218 enrolled
students, 82.6% or 180 students agreed to participate and completed the baseline survey, but only 164 of
these students completed the course (i.e. drop-out rate of 8.9%). We find no evidence of selection in the
decision to withdraw from the course.
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13.5 hours. At the start of the course, students average GPA was 3.35 and about 60% of the

students in the sample passed the math pre-test. Lastly, the average test scores on midterm

1, midterm 2 and the final exam were 73.75, 63.79, and 65.63, respectively.

The table also shows that there are no statistical differences in the average pre-intervention

characteristics of students in the treated and control groups. As such, there is a high de-

gree of confidence in our random assignment of students to treatment and any observed

differences in students’ course outcomes must be due to the intervention. While less than

20% of students typically obtain an A- or A in this course, Table 1O in Online Appendix

A shows that 41% of the treated students expected to receive this grade, and about 53% of

treated students were pledging to work towards it. In addition, the table shows that treated

students revised their time commitment upward after making the pledge, and students were

more likely to pledge a higher grade than what they predicted they would earn in the course.

2.2 Empirical Design

We utilize the following empirical model to estimate the causal impact of our intervention:

Yi = α0 + α1Pi +Xiβ + γp + γs + ϵi,

where Yi is the outcome of interest for student i, including students’ test scores on the mid-

term and final exams, their overall course score, and a pass/fail indicator variable. Pi is an

indicator variable that takes the value 1 if the student is randomly assigned to the treatment

group and Xi is a vector of control variables including various pre-treatment attributes such

as students’ age, gender, current GPA, mathematics test score, typical study hours, labor

market engagement, and first-generation status. In addition, all models include instructor

(γp) and section (γs) fixed effects. The coefficient of interest, α1, shows the causal effect of

the treatment on students’ academic outcomes in the course.10 In addition to the model

10The instructors taught multiple sections. Removing the covariates, instructor, and section fixed effects
do not change the magnitude of the point estimates, though they become slightly noisier. In addition,
including measures of risk preference did not change the main conclusion.
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above, we also utilize a similarly specified ordered Probit model to examine the impact of

the intervention on students predicted grade and actual final grade at the end of the course.

With a sample of 180 observations, we have found very precise estimates of the treatment

effect of the intervention.11 To assess the implications of this limitation, we also provide p-

values from a two-sided randomization inference test of no treatment effect. This procedure

randomly reassigns students in each classroom to a placebo control/treatment group 1000

times - estimating a placebo treatment effect each time. The randomized inference p-value

is then calculated as the share of placebo treatment effects that is greater than the baseline

point estimates in absolute terms (Fujiwara and Wantchekon, 2013).

3 Empirical Results

In Table 2, we show the impact of the intervention on students’ pre-treatment predicted

grades, the pledged grade of treated students relative to the benchmark predicted grade,

and students’ actual grades at the end of the course. As expected, the estimates in column

1 show that students in the treatment and control groups had a similar prediction of their

final grade before the intervention. Column 2 then shows that the fraction of students who

promised to target an A- or A was 11 percentage points (pp) higher than the baseline share of

students who predicted that they would earn these grades. However, while treated students

were very aspirational when making their pledges, column 3 shows that they were 7pp less

likely to achieve a grade of A- or A, 6pp less likely to earn a B-, B, or B+, and 11pp more

likely to fall below a grade of D+.

Table 3 shows the impact of the intervention on students’ test scores and their overall

course performance. The outcomes of interest that are presented in columns 1-4 are average

11We initially planned to repeat the experiment across several semesters, targeting at least 500 obser-
vations and 10 classrooms to be able to detect a small effect size with .8 power. However, given the large
and precise negative effects we observed after the first iteration of the intervention, we decided to end the
experiment early due to the ethical concerns this raises and the potential harm the treatment imposes on
treated participants. With an equally allocated sample size of 180 and .8 power, we can detect an effect size
of 0.38 and above. While we find slightly smaller effects, we are not concerned about power because all our
main results are statistically significant and precisely estimated.
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mid-term score, final exam score, overall course score, and a pass/fail indicator variable. We

also present the heteroskedasticity-robust standard error in round brackets and the random-

ization inference p-value in square brackets below each estimate. The results indicate that

the intervention reduced treated students’ average mid-term score by 0.14 standard devia-

tions (SD), their final exam score by 0.28SD, and their overall course score by 0.23SD. In

addition, the students who made the performance pledge were less likely to pass the course

by 15 percentage points (pp) or 24% of the pass rate in the control group.

To assess how students are adjusting their behavior during the semester, we examine

the impact of the intervention on mid-terms 1 and 2 separately, assignment scores, the like-

lihood of missing assignments, and the likelihood of withdrawing from the course. These

results are presented in Table 4. The estimates suggest that the intervention had no im-

pact on test scores for the first mid-term exam, but it reduced test scores by 0.27SD on the

second midterm exam and average homework scores by 0.28SD. However, positive insignifi-

cant effects were found for the likelihood of missing a homework assignment or withdrawing

from the course. This evidence suggests that the performance of treated students started to

deteriorate after they failed to meet their pledged grade on their first assessment.

3.1 Prediction Errors and Students Subsequent Performance

The baseline results revealed that there is no difference in the performance of treated and

untreated students in the first midterm assessment. However, roughly 65% of all students

scored more than 5% below the threshold for their predicted course grade, and half of the

students scored more than 10% below that threshold. We hypothesize that treated students

reacted more negatively to the feedback they received on their first assessment because the

commitment pledge increased the salience of failing to meet their targeted grade.
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3.1.1 Descriptive Trends

To explore this further, Figure 1-3 show how students’ prediction error at the first mid-term

exam impacted their subsequent performance on later assessments.12 On each graph, the

vertical axis shows the degree to which a student’s performance has improved on a later

assessment compared to their performance on the first midterm exam, and the horizontal

axis shows the degree to which each student’s first midterm exam score deviated from their

predicted course grade (prediction error).

Figure 1 shows that in the second mid-term exam, both treated and untreated students

generally received scores that were lower than their first mid-term test score. However,

treated students experienced a larger decline in their subsequent performance relative to

untreated students. This result is consistent for the students who failed to meet, met, or

exceeded their expectation in the first mid-term exam, and the negative gains on exam 2

fade out linearly as the prediction error increases – i.e. for the more overconfident or highly

ambitious students. Figure 2 presents a similar outcome, with both treated and untreated

students experiencing negative net gains on the final exam relative to their first mid-term

exam. However, treated students still generally performed worse than untreated students.

Similar to Figure 1, this negative effect also tends toward zero as students’ distance from

their predicted grade on the first mid-term exam increases.

Lastly, in Figure 3, we examine how the prediction error impacted students’ final score

in the course. This final assessment is a comprehensive measure of student’s overall effort

in the class because it includes their homework, class participation, and all their exam

scores. Similar to the previous results, we find that treated students under-performed their

untreated counterparts across the entire prediction error distribution. While it appears that

students with high prediction error on midterm 1 made greater improvements on subsequent

12In the baseline survey, all students were asked to reveal their predicted letter grade for the course. To
calculate the prediction error, we converted the predicted letter grades into the minimum percentage score
that each student needed to realize their prediction. We then minus the student’s actual score on the first
mid-term exam.
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assessments, the observed improvement is greater among the untreated students. This is clear

as the prediction error threshold that corresponds to positive gains on subsequent assessments

is at least twice as high for treated students, relative to the threshold for untreated students.

3.1.2 Mechanism and Mediation Analysis

Since the trends in Figures 1-3 are descriptive, we next estimate how students prediction error

on their first exam interacted with the treatment to impact their subsequent performance.

These results are presented in Table 5. To create this table, we first separate the prediction

error distribution into quartiles and then conduct subgroup analysis across the resulting 4

groups. The estimates for each quartile is presented in columns 1-4, respectively. For the

first quartile, the range of the prediction error variable shows that students mostly met

or exceeded their predictions, with actual midterm scores being as much as 7.7 percentage

points higher and as worse as as 2.74 percentage points lower than students’ prediction.

Similarly, the scores in the second, third, and fourth quartiles were 2.75-12.04, 12.05-20.94,

and 20.95-53.55 percentage points below students’ prediction, respectively. The outcome

variables in rows 1-3 are the net change in test scores between the first midterm exam

and students performance on midterm 2, the final exam, and their overall course grade,

respectively. The results suggest show that the negative effects of the treatment on students

subsequent performance is being driven by the treated students who slightly or moderately

under-performed their predicted level of performance on the first mid-term exam. In contrast,

the treated students on the extreme who over-performed, met or grossly under-performed

their predicted performance continued to maintain the same level of performance as the

control group on subsequent course assessments. For these students, the intervention had

no meaningful impact on their academic outcome in the course.

Lastly, we utilize mediation analysis to isolate how the direct effect changes when known

mediators are included in the model.13 For this analysis we focus on students’ overall course

13In this research, our primary focus is on examining the impact of a pledge intervention (X) on student
performance (Y). We have posited that students may experience disappointment and subsequently alter their
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grade, but the analysis could easily be repeated for other outcomes. These results are pre-

sented in Table 6. While the treatment had no impact on students’ performance on the first

mid-term exam, the results show that controlling for prediction error (i.e. predicted score-

exam 1 score) significantly reduce the performance gap in the course. When we also control

for various measures of student effort, such as the percent of missed homework assignments

and homework scores, the treatment gap in overall performance closes by about 70%, from

0.23 SD to an insignificant 0.07SD. As such, the negative effect is partly explained by the

fact that treated students were induced to exert less effort in the course. Lastly, controlling

for test scores on the second mid-term exam fully erases the impact of the treatment on

students’ overall course performance.

Similarly, in Table 2O of the online appendix, we examine how various course assessment

mediate the effect of treatment on the overall course score. These results also show that

the first mid-term exam only mediated 4% of the treatment effect. However, including

any subsequent assessment (homework assignments, midterm exam 2, or final exam) was

sufficient to drive the treatment effect to zero. As such, the treatment affected students’

final course outcome through their performance on the assessments completed after their

first exam.

Together, these results support our hypothesis that one plausible explanation for the un-

intended negative impact of commitment pledges on students subsequent performance is that

the commitment pledge paired with goal setting may induce a large discouragement effect

after an initial setback. That is, after receiving low scores in their first assessment, students

may foresee that they are unable to achieve the ambitious grade they promised. This may

behavior in response to the feedback they receive on their first exam. If this hypothesis holds true, it follows
that the intervention should have a discernible effect on students’ behavior and subsequent performance on
future exams. As such, we aim to examine how the intervention’s impact on these subsequent outcomes
(M) explains their overall performance in the course. This evaluation can be executed through a three-step
process. First, we estimate the overall impact by regressing the treatment on the overall course grade,
taking into account only pre-treatment covariates. Next, we estimate the treatment’s effect on the potential
mediating variables, such as midterm exam results, final exam scores, homework scores, and the likelihood
of missing exams (see Tables 3 & 4). Lastly, we revisit the initial step, this time incorporating the mediating
variables. If the treatment’s effect diminishes when M is included in the model, it suggests that this variable
serves as a mediator in explaining how the treatment impacts students’ overall course grades.
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cause discouragement and lead to undesirable changes in their subsequent behavior. The

results show that both groups first mid-term scores were far below their expectations and

that both groups experienced a negative gain in their subsequent performance. However, the

setback was more salient and the discouragement effect stronger for the treated students who

made the commitment pledge to pursue a particular grade. This explains the negative treat-

ment effect we observe for the intervention group on subsequent exams. Similarly, several

studies have found that the students who grossly overestimated their academic performance

in the first year of college get into an academic trap where they are subsequently more likely

to procrastinate, cram for exams, lower their expectations, and study less (Beattie et al.,

2018, 2019). Our results are also consistent with van Lent and Souverijn (2020) who found a

negative effect of goal-setting when mentors advised students to set a higher goal than what

the student initially selected. Given the novelty of our findings, we implore future studies to

continue building on our results and to further explore this discouragement effect mechanism

in education and other contexts.14

3.2 Heterogeneous Effects

To further understand the attributes of the students that were most negatively affected

by the intervention, we now examine the impact of the treatment across various baseline

attributes. This includes year of study, student baseline GPA, hours worked, and gender.

The estimates from this analysis are presented in Table 7.

The results indicate that the students who were harmed by the intervention were in the

early years of their degree program (Freshmen or Sophomores), had a baseline GPA above

the median value of 3.44, and were working more hours than the median student (12 hours).

These results are plausible because less experienced students and those with greater non-

school time commitment are more likely to be overconfident and less likely to avail themselves

14As with most well-designed experiments, our findings have a high degree of internal validity. However,
since our experiment focuses on overambitious students, we also encourage future studies to examine academic
pledges in other contexts where these adverse effects might not exist.
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of campus resources after an initial setback (Nowell and Alston, 2007). The adverse effects

of the intervention on higher ability students suggest that these students are more sensitive

to the treatment and the negative feedback they received after the first mid-term exam.

However, we find no differences in the treatment effect across gender.

4 Discussion and Conclusion

This study uses a field experiment to examine the impact of non-binding commitment pledges

in an academic context. We find that commitment pledges when paired with goal setting

had a large negative impact on the test scores of students. Our findings also suggest that

Freshmen and Sophomores, higher ability, and the students who worked more than 12 hours

were most harmed by the treatment, while the treated students in the opposing sub-groups

were unaffected.

While this result is surprising, it is consistent with some recent studies in the pledge and

goal-setting literature (Sutan et al., 2018; van Lent and Souverijn, 2020; Oppenheimer and

Olivola, 2011). For instance, van Lent and Souverijn (2020) found that when students are

nudged to target higher goals, it led to a negative effect on their subsequent performance.

Similarly, we found that when treated students were asked to pledge the target grade they

would work towards in the class, the share of students who increased their targeted grade

to an A- or A increased by 11 percentage points. As such, the treated students were setting

very ambitious goals and these goals were very difficult to attain in this challenging course.

Unlike other context, in the academic setting, a student who makes a promise to pur-

sue a particular grade has limited control over the attainment of their pursuit. That is,

there are factors outside of the students’ control that may cause their promised outcome

to be unattainable despite their best efforts. As such, since an individual seeks to keep

their promise in general (guilt-aversion and preference for promise keeping), a commitment

pledge may lock overconfident students into pursuing an unattainable goal. However, as

15



uncertainty about the final outcome dissipates, the student may become discouraged and

adversely change their behavior. We found that while a commitment pledge had no impact

on students performance on their first midterm exam, there is a large negative impact on

the subsequent performance of treated students. We find strong evidence that the adverse

effects we observe are being driven by the disappointment treated students experienced af-

ter failing to meet their targeted performance on the first assessment and the subsequent

negative effects were strongest for the most overconfident treated students – those with the

most unreachable goals.

Our findings suggest that careful attention must be paid while using commitment pledges

in the education setting as it may lock students into an overly ambitious goal they are unable

to attain and harm their subsequent performance.
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Figure 1: Mid-Term One Prediction Error and Performance Gains on Mid-Term Two
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Figure 2: Mid-Term One Prediction Error and Performance Gains on the Final Exam
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Figure 3: Mid-Term One Prediction Error and Performance Gains in Course Score
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Overall Sample Control Group Treatment Group T-C Diff
Age 20.05 19.83 20.27 0.35

(2.62) (2.40) (2.82) (0.39)

Male 0.63 0.67 0.60 -0.05
(0.48) (0.47) (0.49) (0.07)

Passed Math Pre-Test 0.60 0.57 0.64 0.06
(0.49) (0.50) (0.48) (0.08)

GPA 3.35 3.40 3.29 -0.10
(0.56) (0.52) (0.59) (0.10)

Usual Study Hours 6.52 6.36 6.69 0.30
(3.20) (3.13) (3.29) (0.51)

Number of Courses 4.51 4.56 4.45 -0.11
(0.79) (0.86) (0.73) (0.13)

First Generation 0.21 0.20 0.23 0.02
(0.41) (0.40) (0.42) (0.06)

Freshman or Sophomore 0.69 0.74 0.64 -0.08
(0.46) (0.44) (0.48) (0.08)

Employed 0.66 0.68 0.64 -0.04
(0.48) (0.47) (0.48) (0.07)

Hours Worked 13.46 13.31 13.63 0.09
(13.10) (12.33) (13.93) (2.10)

HH Income ≤ 60K 0.43 0.44 0.42 -0.03
(0.50) (0.50) (0.50) (0.08)

Exam 1 73.75 73.73 73.78 -0.05
(13.95) (14.02) (13.97) (2.19)

Exam 2 63.79 65.67 61.83 -3.84
(20.99) (21.29) (20.62) (3.27)

Final Exam 65.63 67.65 63.50 -4.15
(24.24) (24.90) (23.49) (3.78)

Course Score 71.02 72.19 69.80 -2.40
(17.48) (18.21) (16.70) (2.73)

Pass 0.68 0.74 0.63 -0.12*
(0.47) (0.44) (0.49) (0.06)

Obs. 164 84 80 164

Table 1: Summary Statistics and Balance Test

Columns 1-3 shows the mean and standard deviation of various background characteristics of students in the

overall sample, control group, and treatment group. Column 4 shows the estimated mean difference across the

control and treatment group for each background variable. Each equation includes section and instructor fixed

effects.
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Predicted Grade Pledged Grade Actual Grade

A- or A 0.009 0.11 -0.07∗∗

(0.07) (0.06) (0.03)

B-, B, or B+ -0.007 -0.09 -0.06∗∗

(0.06) (0.06) (0.03)

C+ or C -0.002 -0.02 0.01
(0.01) (0.01) (0.01)

D+, D, or Fail 0.11∗∗

(0.05)

Table 2: Ordered Probit of Predicted and Actual Letter
Note: Robust standard errors are presented in round brackets below each estimate.
Each model includes various pre-treatment covariates: gender, age, expected work
hours, math score, gpa, income, instructor and section fixed effects. The dependent
variables in columns 1 to 3 are baseline predicted grade, the pledge grades of
treated students relative to the benchmark predicted grade in the control group,
and actual grades. Level of statistical significance: ∗∗∗p<0.01, ∗∗p<0.05, ∗p<0.10.

Mid-Term Final Exam Course Grade Pass

Treated -0.14 -0.28∗∗ -0.23∗∗ -0.15∗∗

(0.13) (0.11) (0.11) (0.07)
[0.29] [0.02] [0.04] [0.03]

Mean 67.64 65.63 71.02 0.68
SD 15.44 24.24 17.48 0.47
Obs 164 164 164 164

Table 3: Main Results, Impact of the Intervention

Note: Robust standard errors and the randomization inference p-values

are presented in round and square brackets below each estimate. Each

model includes several pre-treatment covariates: gender, age, expected

work hours, math score, gpa, income, instructor and section fixed effects.

The outcome variables in columns 1-4 are standardized (std) mid-term

score, std final exam score, std final course grade, and a pass/fail

indicator variable. Level of statistical significance: ∗∗∗p<0.01, ∗∗p<0.05,
∗p<0.10.
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Mid-Term 1 Mid-Term 2 Homework % Miss HW Withdraw

Treated -0.04 -0.27∗∗ -0.28∗∗ 0.04 0.04
(0.15) (0.11) (0.11) (0.03) (0.04)
[0.81] [0.02] [0.01] [0.11] [0.38]

Mean 73.75 63.79 79.55 0.11 0.09
SD 13.95 20.99 25.91 0.26 0.29
Obs 164 164 164 164 180

Table 4: Impact on Midterms, Coursework, & Dropout
Note: Robust standard errors and the randomization inference p-values are presented
in round and square brackets below each estimate. Each model includes various pre-
treatment covariates: gender, age, expected work hours, math score, gpa, income,
instructor and section fixed effects. The dependent variables in columns 1 to 5 are
standardized (std) mid-term score, std final exam score, std overall course grade, and
a pass/fail indicator variable. Level of statistical significance: ∗∗∗p<0.01, ∗∗p<0.05,
∗p<0.10.

Overperform or Met Slightly Underperform Underperform Grossly Underperform

Mid-Term 2 -2.95 -8.75∗∗∗ -8.70** 1.45
(4.35) (2.64) (4.03) (4.68)

Final Exam 3.78 -10.15∗∗∗ -12.00∗∗ -5.88
(3.41) (3.58) (14.46) ( 7.28)

Course Grade -0.11 -4.54∗∗∗ -6.10∗∗ -1.98
(2.20) (1.65) (2.38) (3.64)

Obs 41 41 41 41
Prediction Error [-7.7, 2.74] (2.74, 12.04] (12.04, 20.94] (20.94, 53.55]

Table 5: Interaction Effect, Treatment and Prediction Error

Note: Robust standard errors and the randomization inference p-values are presented in round and square

brackets below each estimate. Each model includes several pre-treatment covariates: gender, age, expected

work hours, math score, gpa, income, instructor and section fixed effects. The outcome variables in columns

1-4 are standardized (std) mid-term 2 score, std final exam score, std final course grade, and a pass/fail

indicator variable. Level of statistical significance: ∗∗∗p<0.01, ∗∗p<0.05, ∗p<0.10.
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1 2 3 4 5

Treatment -0.23*** -0.17** -0.13* -0.07 0.02
(0.11) (0.08) (0.07) (0.07) (0.05)

Prediction Error -0.04*** -0.04*** -0.03*** -0.02***
(0.004) (0.004) (0.003) (0.002)

Miss HW -0.01*** 0.01 0.005*
(0.003) (0.01) 0.003

Homework Score 0.50*** 0.35***
(0.14) (0.07)

Mid-Term 2 0.53***
(0.05)

Indirect Effect
Overall Effect 26% 43% 70% 100%

Table 6: Mediation Analysis
Note: Robust standard errors are presented in round and square brackets below each
estimate. Each model includes several pre-treatment covariates: gender, age, expected
work hours, math score, gpa, income, instructor and section fixed effects. The outcome
variables in all columns is the standardized overall course grade. Level of statistical
significance: ∗∗∗p<0.01, ∗∗p<0.05, ∗p<0.10. The estimate in the first column is the
total treatment effect. The last row shows the share of the total effect that is mediated
by the variables included in the model.
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Mid-Term Final Exam Course Grade Pass

Freshmen and Sophomores -0.34∗∗ -0.43∗∗∗ -0.41∗∗∗ -0.20∗∗

(0.16) (0.13) (0.13) (0.08)
[0.03] [0.00] [0.00] [0.03]

Juniors and Seniors 0.003 -0.05 -0.04 -0.02
(0.22) (0.23) (0.21) (0.13)
[0.96] [0.77] [0.75] [0.85]

GPA Above Median -0.37∗ -0.47∗∗∗ -0.44∗∗ -0.25∗∗∗

(0.20) (0.16) (0.17) (0.09)
[0.08] [0.00] [0.01] [0.00]

GPA Below Median 0.10 -0.06 0.03 -0.03
(0.14) (0.16) (0.14) (0.11)
[0.78] [0.96] [0.94] [0.80]

Work Hours above median -0.06 -0.34** -0.20 -0.20**
(0.19) (0.16) (0.16) (0.10)
[0.13] [0.01] [0.04] [0.03]

Work Hours below median -0.30 -0.29 -.34* -0.07
(0.19) (0.18) (0.17) (0.10)
[0.59] [0.67] [0.65] [0.77]

Male -0.24 -0.21 -0.23 -0.08
(0.17) (0.14) (0.14) (0.09)
[0.13] [0.15] [0.08] [0.31]

Females 0.05 -0.30 -0.15 -0.19*
(0.21) (0.18) (0.18) (0.11)
[0.68] [0.16] [0.47] [0.11]

Table 7: Heterogeneity Analysis

Note: Robust standard errors and the randomization inference p-values are presented in round and square

brackets below each estimate. Each model includes several pre-treatment characteristics: gender, age, ex-

pected work hours, math score, gpa, income, instructor and section fixed effects. The outcome variables

in columns 1-4 are standardized (std) mid-term score, std final exam score, std final course grade, and a

pass/fail indicator variable. Level of statistical significance: ∗∗∗p<0.01, ∗∗p<0.05, ∗p<0.10.
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Online Appendix A: Additional Details

Predicted Grade Pledged Grade Baseline Time Com. Revised Time Com.

A- or A 41.25% 52.50% 4.91 8.88

B-, B, or B+ 56.25% 46.25% 5.44 9.3

C+ or C 2.50% 1.25% 6 6.7

D+, D, or Fail 0.00% 0.00%

Table 1O: Treated Students Prediction, Goal Setting, & Time Investment

Note: The dependent variables in columns 1-4 are baseline predicted grade, the pledged grades of treated

students, time commitment prior to signing the pledge, and the promised time commitment after signing

the pledge. These descriptive statistics are only applicable to treated students.

1 2 3 4 5

Treatment -0.23*** -0.22** -0.14 -0.02 0.003
(0.11) (0.07) (0.11) (0.07) (0.05)

Exam 1 0.53***
(0.05)

Homework Score 0.02***
(0.003)

Exam 2 0.76***
(0.05)

Final Exam 0.88***
(0.04)

Indirect Effect
Overall Effect 4% 39% 91% 100%

Table 2O: Mediation Analysis
Note: Robust standard errors are presented in round and square brackets below each
estimate. Each model includes several pre-treatment covariates: gender, age, expected
work hours, math score, gpa, income, instructor and section fixed effects. The outcome
variables in all columns is the standardized overall course grade. Level of statistical
significance: ∗∗∗p<0.01, ∗∗p<0.05, ∗p<0.10. The estimate in the first column is the
total treatment effect. The last row shows the share of the total effect that is mediated
by the variables included in the model.
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Informed Consent

 

You are invited to participate in a research study conducted through Florida Gulf Coast University.  You must

be age 18 or older to participate in the study.  Your participation in this study is voluntary.  The University

requires that I obtain your signed consent to participate in this study.  Refusal to join the study will not affect

any future services you may be eligible to receive from the University.

 
 
Study Summary

This study aims to understand how pledges affect students' academic outcomes.

 

The results from this study will help policymakers devise policies that can improve students' performance and

how these college courses are delivered in future semesters. Your responses will be kept confidential and

completing the survey poses 'less than minimal’ risks to your physical, emotional, social, professional, or

financial well-being.

 

If you are interested in learning more about this study, please continue to read below and use the contact

information at the end of this document to ask the researcher any questions you may have.
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Purpose of the Study

The purpose of this study is to examine how students form beliefs about their expected performance in college

courses. 

 

 

Invitation to Participate 

I am asking you to take part in the study because you can provide meaningful information about how students

form beliefs about the courses they take and how these beliefs affect their effort and performance.

 
Description of your Involvement

All participants are required to complete this survey. The researcher is also requesting your consent to access

and utilize your academic records (grades) in the study. The researcher will match your responses on this

survey to your in-class performance. Your class grades will be kept confidential.  

 

 

Benefits of Participation

The results from this study will likely improve how courses are delivered at FGCU. In addition, the study can

have a meaningful impact on student success at higher education institutions across the country. 

 

 

Risks and Discomforts of Participation

Your participation and academic data will be kept confidential. However, working with email or the internet has

a small risk of compromising privacy, confidentiality, and/or anonymity. Despite this possibility, the risks to

your physical, emotional, social, professional, or financial well-being are considered to be 'less than minimal’

by participating in the study.
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Compensation for Participation

Extra credit points will be awarded to the entire class based on the level of participation. There is a potential of

earning up to 5% on your first exam. This is based on the level of class participation. For example, if 80% of

the class completes the survey, then you will receive 4% on your first exam. 

 

 

Confidentiality

If you join the study, I will make every effort to keep your information confidential and secure by ensuring that

(i) your survey responses are kept confidential and (ii) only the principal investigator(s) will have access to

any educational data that will be collected (iii) your identifying information is removed from the data as soon

as possible. However, despite these safeguards, there is the possibility of hacking or other security breaches

that could compromise the confidentiality of the information you provide. Thus, it is important to remember

that you are free to opt-out of the study.

 

I will not release information about you unless you authorize us to do so or unless we are required to do so by

law.  If the results of this study are published or presented at a professional meeting, no information will be

included that would make it possible to identify you as a study participant.

 

It is possible that organizations responsible for making sure the research is done safely and properly such as

the university, and government offices may need to see the information you provide.

 

 

Voluntary Nature of Study

Participating in this study is completely voluntary.  Refusal to join the study will not affect any future services

you may be eligible to receive from the University. You can choose to discontinue your participation at any

time by simply closing your web browser and not complete the survey. If you choose to join the study, you can

leave it at any time with no penalty.
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Contact Information for the Study Team

I do not foresee any medical problems from participating in this study. If you have any questions or concerns

about this study, please contact Dr. Nicholas Wright at nawright@fgcu.edu or Dr. Jesse Wright at

jwright@fgcu.edu or Dr. Puneet Arora at puneet.arora@ahduni.edu.in.

 

 

Statement: I have read the preceding information describing this study. All of my questions have been

answered to my satisfaction. I am 18 years of age or older and freely consent to participate in the study. My

decision to participate or to decline participation in this study is completely voluntary.  I understand that I am

free to withdraw from the study at any time. I am aware of my option to not answer any questions I choose. 

 
I understand that it is not possible to identify all potential risks I believe that reasonable steps have been

taken to minimize both the known and potential but unknown risks.  The submission of the completed survey

is my informed consent to participate in the study. If you would like a copy of the consent form, print a copy

before continuing.

Socioeconomic Questions

What is your assigned sex at birth?

What is your month and year of birth?

I consent
I do not wish to participate (opting out of the survey will lower the extra credit for
everyone)

Male
Female
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Are you Spanish, Hispanic, or Latino or none of these (select all that
apply).

Choose one or more races that you consider yourself to be:

To which college do you belong?

Year of Birth

Month of Birth

Spanish
Hispanic
Latino
None of these

White
Black or African American
American Indian or Alaska Native
Asian
Native Hawaiian or Pacific Islander

Other (specify)

Arts and Sciences
Lutgert College of Business
Marieb College of Health & Human Services
Education
Whitaker College of Engineering
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What is your major?

Which year do you belong to?

Information about income is very important to understand.  Would
you please give your best guess?
Please indicate the answer that includes your entire household
income in (previous year) before taxes.

Are you the first in your immediate family to attend college?
 

Freshman
Sophomore
Junior
Senior

Less than $10,000
$10,000 to $19,999
$20,000 to $29,999
$30,000 to $39,999
$40,000 to $49,999
$50,000 to $59,999
$60,000 to $69,999
$70,000 to $79,999
$80,000 to $89,999
$90,000 to $99,999
$100,000 to $149,999
$150,000 or more



6/3/22, 6:09 PM Qualtrics Survey Software

https://fgcucob.co1.qualtrics.com/Q/EditSection/Blocks/Ajax/GetSurveyPrintPreview?ContextSurveyID=SV_5b9AZC9ejt5s65E&ContextLibraryID=UR… 7/15

Did either of your parents or guardians complete college?  

Where did you rank in your graduating high school class?

How would you rate your typical academic performance?

What is your combined SAT Score? Insert 0 if you have not taken
the exam. 

Yes
No

Yes
No

Top 5%
Top 10%
Top 15%
Top 20%
Top 25%
Top 40%
Top 50%
Bottom 50%

Excellent
Above Average
Average
Below Average
Poor

 
 0 160 320 480 640 800 960 1120 1280 1440 1600
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What is your ACT Score? Choose 0 if you have not taken the exam. 

What is your current GPA (4.0 Scale).  

In a typical week, how many hours did you spend reading, studying,
completing assignments, and preparing for your most challenging
course last semester?

How challenging do you think this course will be?

 

SAT Score           

 0 160 320 480 640 800 960 1120 1280 1440 1600

 

ACT Score             

 0 3 6 9 12 15 18 21 24 27 30 33 36

 

GPA     

 0 1 2 3 4

 

Hours                

 0 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15

Very easy
Somewhat easy
Neither easy nor difficult
Somewhat difficult
Very difficult
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Risk Assessment

Please indicate which of the following game show options you would prefer:  option A or option B.

 
Option A Option B
A lottery with a 10% chance of receiving $2
and a 90% chance of receiving $1.60

A lottery with a 10% chance of receiving $3.85
and a 90% chance of receiving $0.10

Please indicate which of the following game show options you would prefer:  option A or option B.
  

Option A Option B
A lottery with a 20% chance of receiving $2
and a 80% chance of receiving $1.60

A lottery with a 20% chance of receiving $3.85 
and a 80% chance of receiving $0.10

Please indicate which of the following game show options you would prefer:  option A or option B.
  

Option A Option B
A lottery with a 30% chance of receiving $2
and a 70% chance of receiving $1.60

A lottery with a 30% chance of receiving $3.85 
and a 70% chance of receiving $0.10

Please indicate which of the following game show options you would prefer:  option A or option B.

 
Option A Option B
A lottery with a 40% chance of receiving $2
and a 60% chance of receiving $1.60

A lottery with a 40% chance of receiving $3.85 
and a 60% chance of receiving $0.10

Option A
Option B

Option A
Option B

Option A
Option B

Option A
Option B
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Please indicate which of the following game show options you would prefer:  option A or option B.
  

Option A Option B
A lottery with a 50% chance of receiving $2
and a 50% chance of receiving $1.60

A lottery with a 50% chance of receiving $3.85 
and a 50% chance of receiving $0.10

Please indicate which of the following game show options you would prefer:  option A or option B.
  

Option A Option B
A lottery with a 60% chance of receiving $2
and a 40% chance of receiving $1.60

A lottery with a 60% chance of receiving $3.85 
and a 40% chance of receiving $0.10

Please indicate which of the following game show options you would prefer:  option A or option B.
Option A Option B
A lottery with a 70% chance of receiving $2
and a 30% chance of receiving $1.60

A lottery with a 70% chance of receiving $3.85 
and a 30% chance of receiving $0.10

Please indicate which of the following game show options you would prefer:  option A or option B.
  

Option A Option B
A lottery with a 80% chance of receiving $2
and a 20% chance of receiving $1.60

A lottery with a 80% chance of receiving $3.85 
and a 20% chance of receiving $0.10

Please indicate which of the following game show options you would prefer:  option A or option B.
  

Option A Option B
A lottery with a 90% chance of receiving $2 A lottery with a 90% chance of receiving $3.85 

Option A
Option B

Option A
Option B

Option A
Option B

Option A
Option B
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and a 10% chance of receiving $1.60 and a 10% chance of receiving $0.10

Please indicate which of the following game show options you would prefer:  option A or option B.
  

Option A Option B
A lottery with a 100% chance of receiving $2
and a 0% chance of receiving $1.60

A lottery with a 100% chance of receiving
$3.85 and a 0% chance of receiving $0.10

Time Use and Course Information

How many courses are you taking this semester?

How many hours do you work each week on average? (Include 0 if
you do not work)

Did you talk to your friends about this course before enrolling? 

Option A
Option B

Option A
Option B

 

# of Courses        

 0 1 2 3 4 5 6 7

 

Hours           

 0 4 8 12 16 20 24 28 32 36 40

Yes
No
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Did you get information about the instructor before enrolling in this
course? (from rate my professor, friends, etc)

What grade do you predict you will earn in this class?

To get the grade you expect for this course, how many hours will you
devote to reading, studying, completing assignments, and preparing
for this class each week?

Treatment

A pledge to my professor and myself: I promise to attend the
Principles of Macroeconomics classes regularly, complete and

Yes
No

A (I will score between 92.5% & 100%)
A- (I will score between 89.50% & 92.49%)
B+ (I will score between 86.5% & 89.49%)
B (I will score between 82.50% & 86.49%)
B- (I will score between 79.50% & 82.49%)
C+ (I will score between 76.50% & 79.49%)
C (I will score between 69.50% & 76.49%)
D (I will score between 59.50% &  69.49%)
Fail (I will score below 59.50%)

 

Hours                

 0 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15
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submit all assignments on time, study hard, and appear for the
exams with utmost sincerity. I pledge that I will take these action to
obtain a target grade of:

To obtain your target grade, what percent of classes do you promise
to attend?

To obtain your target grade, how many hours do you promise to
devote to the quizzes and homework assignments in this class each
week?

To obtain your target grade, how many hours do you promise to
devote to reading for this class each week?

» A (I will score between 92.5% & 100%)
» A- (I will score between 89.50% & 92.49%)
» B+ (I will score between 86.5% & 89.49%)
» B (I will score between 82.50% & 86.49%)
» B- (I will score between 79.50% & 82.49%)
» C+ (I will score between 76.50% & 79.49%)
» C (I will score between 69.50% & 76.49%)
» D (I will score between 59.50% &  69.49%)
» Fail (I will score below 59.50%)

 

%           

 0 10 20 30 40 50 60 70 80 90 100

 

Hours                

 0 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15
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Sharing Pledge

Sharing your pledge with a close friend or relative may help you to
stay on track to achieve your target grade. Do you want us to share
your pledge with a friend, relative, or your academic advisor? If yes
is selected, we will only share your pledge and no other academic
information. 

Pledge Recipient

Please provide the contact information for a friend or relative that is
not currently taking this course:

 

Hours                

 0 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15

Yes
No

Email Address:

Cellphone Number:

Relation to recipient:
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